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Abstract:  Join order selection is a challenging research topic in the field of query optimization, and it is very impor-
tant for database management system to obtain good query performance. However, both traditional optimization methods
and existing intelligent optimization methods have disadvantages such as long planning time, easily to obtain poor quality
join plans, encoding without considering structural characteristics, making join plans unable to reflect the real execution

time due to dependency on cardinality estimation and cost estimation. In order to solve the above problems, a new join opti-
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mizer ADP-Join (Asynchronous Dueling DQN and Plan latency prediction network for Join order selection) is proposed.
ADP-Join integrates a new encoding method that can distinguish join plans of different structures. ADP-Join designs a plan
latency prediction network to improve the reward mechanism of existing reinforcement learning-based optimizers. Further-
more, the asynchronous update mechanism is proposed to improve the Dueling DQN model to improve the training perfor-
mance and reduce the training time. Extensive experimental results show that ADP-Join outperforms existing intelligent op-
timizers on real TPC-H and JOB datasets.
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